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Abstract – A New Categorical Data algorithm which
combines a systematic method for finding initial centroids
and an efficient way for assigning data points to clusters.
This method ensures the entire process generate cluster
without sacrificing the accuracy. It always generate good
cluster by reducing the mean square error.

Our clustering algorithm serves as a good benchmark to
monitor the progression of student’s performance in
institute. It also enhances the decision making by academic
planners to monitor the student’s performance semester by
semester by improving on the future academic results in the
subsequence academic session.
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I. INTRODUCTION

Clustering [17] is a data mining (machine learning)
technique used to place data elements into related groups
without advance knowledge of the group definitions.
Popular clustering techniques include k-means clustering
and expectation maximization (EM) clustering.

A simple example of clustering would be the clustering
that most people perform when they do the laundry -
grouping the permanent press, dry cleaning, whites and
brightly colored clothes is important because they have
similar characteristics. And it turns out they have
important attributes in common about the way they behave
(and can be ruined) in the wash. To “cluster” your laundry
most of your decisions are relatively straightforward.
There are of course difficult decisions to be made about
which cluster your white shirt with red stripes goes into
(since it is mostly white but has some color and is
permanent press). When clustering is used in business the
clusters are often much more dynamic - even changing
weekly to monthly and many more of the decisions
concerning which cluster a record falls into can be
difficult.

The business user can get a quick high level view of
what is happening within the cluster. Once the business
user has worked with these codes for some time they also
begin to build intuitions about how these different
customers clusters will react to the marketing offers
particular to their business. For instance some of these
clusters may relate to their business and some of them may
not. But given that their competition may well be using
these same clusters to structure their business and
marketing offers it is important to be aware of how you
customer base behaves in regard to these clusters.

II. CONCLUSION

Our clustering algorithm serves as a good benchmark to
monitor the progression of student’s performance in

institute. It also enhances the decision making by
academic planners to monitor the student’s performance
semester by semester by improving on the future academic
results in the subsequence academic session.
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